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Neurocognitron
Fukushima (1980)
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ImageNet Classification Error
Deep ILSVRC: 1.4m, 1k object classes
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AlexNet

Deep Krizhevsky, Sutskever & Hinton (2012)
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What AlexNet “Sees”

Deep Yosinski et al. (2015)
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https://www.youtube.com/watch?v=AgkfIQ4IGaM
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A history of language technologies
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Hinton & van der Maaten (2008)
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Java: j2ee, j2se, javaee, groovy, jee
Javascript: jquery, css, html, html5, css3
Delivered: produced, completed, presented, scoped, launched

Python + Matlab + R: numpy, mathematica, scipy, octave, matplotlib
Python + Flask + Djang sqlalchemy, ruby, clojure, nodejs, rails
Python + Perl + Shell: bash, awk, ksh, scripting, jython




Talent

Intelligence
o Word Vectors

Applications
to Talent

Java: j2ee, j2se, javaee, groovy, jee
Javascript: jquery, css, html, html5, css3
Delivered: produced, completed, presented, scoped, launched

Python + Matlab + R: numpy, mathematica, scipy, octave, matplotlib
Python + Flask + Djang sqlalchemy, ruby, clojure, nodejs, rails
Python + Perl + Shell: bash, awk, ksh, scripting, jython




Talent
Intelligence

Applications
to Talent

Model Architecture

Deep Learning Network



Talent
Intelligence

Applications
to Talent

Higher-Order Embeddings



Talent
Intelligence

Candidate Space

Now Showing in 3D

Applications
to Talent




Talent
Intelligence

Applications
to Talent

Model Architecture

Deep Learning Network



Talent
Intelligence

Applications
to Talent

Decision-Level Embeddings
The Highest Order



Talent
Intelligence

Applications
to Talent

500

a0

200

200

100

500

00

300

200

100

00

300

200

After 20 minutes of training

m—Didn't get the interview
- Got the interview

After 80 minutes of training

- Didn't get the interview
ot the interview

After 120 minutes of training

W Didn't get the interview
- Got the interview




Talent
Intelligence

ye olde Hosmer-Lemeshow test

1.00

Applications
to Talent

e
o
&

proportion of applications connected
5 g

0.00

0.00 0.25 075 1.00

0.50
model yhat




Talent
Intelligence

Applications
to Talent

2016

2012

Top Jobs

Senior Back-End Engineer

3 Andrew Vlahutin

Hands-on Data Scientist, Developer and Technology leader looking for a
role to apply data skils to business problems

New York, NY
(347)-738-3149

Career History

Cornerstone Capital Management Holdings - Vice President Director of Technology
December 2012 to September 2016 (3.8 years)

Strategic planning and delivery of all technology initiatives and related support for asset management firm with $14 billion in assets
under management. Provided strategic direction and oversight of team responsible for applications development, infrastructure, and
end user support.

Designed and implemented a single strategic front office trading platform, Charles River IMS (CRIMS), to replace two disparate trade
order management systems. Decoupled CRIMS and interal applications by adopting industry SOA and ETL best practices.
Redesigned and streamlined data feeds to increase efficiency of trading and settlement processes and eliminate redundant data
reconciliation.

Skills: C#, .NET, IS, Pentaho, MS Sql Server, SQL

J.P. Morgan Asset Management - Vice President Business Analyst and System Architect
January 2008 to December 2012 (4.9 years)

U.S. based Accounting System replacement: Designed trade interface and data migration strategy between Eagle and front office
trading systems, ensuring seamless transition to new accounting system. Global U.K. based Accounting System replacement
Redesigned data flow between multiple trading systems, new positional data store and service provider, resulting in greater accuracy
and transparency of trade flow detals. Identified and resolved timing dependencies around global data across systems in the U.S.,
UK. and Asia.

Data Services Architecture: Architected and built system wide SOA layer, including multiple data services and a core Enterprise
Service Bus. Faciltated adoption of Big Data solutions using Splunk log integration. C use of

around TDD, Agile development and efficient QA testing efforts.

Skills: Java, Spring. Mulesoft, Websphere, Agile (Scrum), Sybase, IBM DB2, SQL
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Title Client Score
1 Java Developer BlackRock 72.4
2 Director of Project Management Hachette  68.0
3 VP of Technical Innovation Texell 66.1
4 Database Engineer  WisdomTree 65.4
5 Data Analyst Cerberus 64.5
6 CTO Risk Priorities  63.9
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“Genome” Plot
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